BANKS' PERFORMANCE AFTER A POLICY RATE SHOCK: THE ROLE OF INTEREST RATE SENSITIVITY
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In the aftermath of the sharp policy rate increase by The Central Bank of Russia from 10.5% to 17.0% on 16.12.2014 the banking sector suffered extraordinary distress. This unexpected increase significantly increased the costs of funding for banks on the liability side and negatively affected the value of banks’ portfolios and collateral on the asset side which should be leveled by corresponding decrease of banks’ capital.
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Figure 1
In this paper we calculate sensitivity of each bank to interest rate expenses and to interest rate income based on the methodology of Drechsler et al. (2021) and study how unexpected policy rate shock transmits into banks’ interest rate costs and income depending on their sensitivity. Furthermore, we show that banks’ sensitivity of interest rate expenses positively affects banks’ liquidity creation on the assets side and negatively affects probability of failure. 
Interest rate sensitivity

We took the quarterly data for each bank from the form №102, monthly data for each bank from the form №101 and calculated interest income, interest expense, interest earning assets and interest bearing liabilities according to the publicly available instructions of the Central Bank of Russia (2332-У from 12.11.2009, 4212-У from 24.11.2016, 4927-У from 08.10.2018). Then we calculated the annualized asset yield and a cost of funds correspondingly.
Then we followed Drechsler et al. (2021) and calculated the interest income and interest expenses sensitivities (betas) by running the following time-series regressions for each bank [image: image3.png]


 during the pre-shock period 2010-2013:
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 are bank fixed effects, and [image: image23.png]


 are time fixed effects. As in Drechsler et al. (2021) our overall interest income betas and interest expenses betas are the sum of coefficients in the regressions above, that is, [image: image25.png]pine
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. We use these individual bank’s betas as their sensitivities to interest rates.
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Empirical results
Table 1 shows that relative to the pre-shock reference period the interest expense sensitivity (βE) of a bank significantly positively affects bank’s interest expenses and negatively Net Interest Income (NIM) in the post policy shock period. This result illustrates the pass-through effect of the policy rate shock into expenses and profits of banks depending on their historical sensitivity to interest rates. 
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In Table 2 we test a hypothesis that liquidity creation measures developed by Berger and Bouwman (2009) methodology are affected by the policy rate shock depending on the interest expense and income sensitivities. The statistically significant coefficient in column (1) on the interaction term of the post-shock time period dummy and bank’s expense beta (βE) suggests that relative to the pre-shock period banks with higher expense betas increased liquidity creation on the asset sides. These banks managed to offset the decline in liquidity creation after the shock which is visible from the coefficient estimate on the Post-shock dummy variable.
In Table 3 we estimate the linear probability model where we regress incidences of bank’s license withdrawals on our expense (βE) and income (βI) betas. The results in columns (1) and (3) show that high expense beta banks had lower probability of failure in the post-shock period. This result is due to the fact that these banks managed to attract more expensive funding on the liabilities side as visible from Table 1 which significantly decreased their profitability but helped them to survive the shock.
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Conclusion
We find that following the unexpected policy rate shock there is an immediate and persistent pass-through effect to banks interest expenses for banks with high interest expense sensitivity but no pass-through to interest income for banks with high interest income sensitivity. We show that in a post shock period banks with high expense betas managed to offset a significant decline in liquidity creation on asset side relative to low expense sensitivity banks. We also find that higher expense betas (βE) helped banks to significantly lower probability of license loss in the post-shock period.  
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